Supplemental methods

Potential confounding variables
In the present study, groups of adults with and without infant RP were matched for potential confounding variables, such as gestational age, sex, familiar socio-economic status (SES), and scanner type. Gestational age at birth was determined from maternal reports of the last menstrual period and serial ultrasounds during pregnancy. Information on family SES at birth was collected via structured parental interviews and computed as a weighted composite score derived from the occupation of the head of each family (usually the father) together with the highest educational qualification held by either parent into three categories of low, medium and high SES (1) .
Ad) MRI Data Acquisition and Preprocessing
At both sites, MRI data acquisition was initially performed on Philips Achieva 3T TX systems (Achieva, Philips, the Netherlands), using an 8-channel SENSE head coil. In the course of the study, data acquisition in Bonn and Munich had to switch to a Philips Ingenia 3T system with an 8-channel SENSE head coil. The allocation of participants to each of the four scanners was as follows: Bonn I: 9 participants, Bonn II: 5 participants, Munich I: 33 participants, Munich II: 75 participants.
Resting-state data were collected for 10 min 52 s from a gradient-echo echo-planar sequence (TE = 35 ms, TR = 2608 ms, flip angle = 90°, FOV = 230 mm², matrix size = 64 × 63, 41 slices, thickness 3.58 and 0 mm inter-slice gap, reconstructed voxel size = 3.59 × 3.59 × 3.59 mm³) resulting in 250 volumes of BOLD fMRI data per subject. Subsequently, a high-resolution T1weighted 3D-MPRAGE sequence (TI = 1300 ms, TR = 7.7 ms, TE = 3.9 ms, flip angle = 15°; 3 reconstructed voxel size = 1 × 1 × 1 mm³) was acquired. Immediately before undergoing the resting-state sequence, subjects were instructed to keep their eyes closed and to refrain from falling asleep.
Selection of intrinsic brain networks
Independent components reflecting intrinsic brain networks (IBN) in our data were selected based on multiple spatial cross correlations using T-map templates provided by Smith and colleagues (2) . For each network, the independent component with the largest correlation coefficient was chosen (Table S2 ). IBNs included the posterior default mode network, salience network, right and left fronto-parietal networks, the sensorimotor network, the auditory network, as well as the primary and lateral visual networks. Based on previous work (3) and prior anatomical knowledge, and due to a higher ICA model order (30 ICs vs. 20 ICs in Smith et al. (2) ), we included six additional independent components in our analyses: the dorsal posterior DMN, dorsal and ventral anterior DMNs, the dorsal and ventral attention networks, as well as the basal ganglia network. In total, fourteen independent components were included in the subsequent partial correlation analysis.
ROI time course extraction
We used a voxel-wise partial correlation approach to map iFC between the time course of the posterior DMN and the time series of each other voxel in the brain, regressing out the time series of all other ROIs, the signal of white matter and cerebrospinal fluid, as well as the six head motion parameters (4) . For each subject the component maps (i.e. the ROIs) were thresholded at Z > 4, and the remaining voxels inside the mask were used to extract the first Eigen time series from the preprocessed functional data. In a second step, masks representing white matter and cerebrospinal fluid were created using FSL tissue segmentation tool FAST (5) and transformed into functional space. Both WM and CSF masks were thresholded at P > 0.6, and the remaining voxels inside each mask were used to extract the first Eigen time series from the preprocessed functional data. For every subject, these procedures resulted in fourteen component Eigen time series (i.e. one per component) and two Eigen time series representing WM and CSF. In a last step, we extracted the subject-specific 6 head motion parameters which were estimated with MCFLIRT (6) . This partial correlation procedure resulted in one partial rmap per subject that was subsequently converted to Z values using Fisher's r-to-z transformation.
Supplemental Tables   Table S1 . Definition of Crying, Feeding, and Sleeping Problems at 5, 20, and 56 Months of Age and Assessment Mode (7) Regulatory problems Definition Assessment Mode 5 months of age Data are represented as mean (Standard Deviation). 
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